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ABI Advanced Baseline Imager

AMI Advanced Meteorological Imager
ATBD Algorithm Theoretical Basis Document
BT Brightness temperature

BTD Brightness Temperature Difference
CART Classification and Regression Trees
DT Decision trees

FAR False Alarm Rate

FOV Field of View

GK—=2A GEO—KOMPSAT 2A

MODIS Moderate Resolution Imaging Spectro—radiometer
oT Overshooting Tops

POD Probability of Detection

R Reflectance

RF Random Forest
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Variable Meaning Characteristics
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(BT112 Aaelde u ¢ Brightness  temperature  of
w4 7)) center of OT
swb2_112 Water vapor content in the
(BT6.2¢} BT11.29] ®7|2% | upper atmosphere with
2h) longwave infrared
swb62_104 Water vapor content in the
(BT6.2¢} BT10.49] ®7]2% | upper atmosphere with clear
2h) longwave infrared
Physical

sw86_112 )

= h
(BT8.690 BT11.2¢ urjew W.ater vapor content 1n the
2 middle—upper atmosphere
swl24_104 ) ) .
(BT12.490 BT10.49] w7]ew IR window with low—impact of
21 water vapor
swl24_112
(BT12.49F BT11.2¢9 w7)e2x | Cirrus detection
2}
std3x3, 5x5, 7x7, 9x9, 11x11
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(sub window 9] u7]et ol Roughness of cloud top
XAxb
diff3x3, b5xb, 7x7, 9x9,
11x11 at BT11.2, BT13.3
(sub window W9 =433 | Lumpy texture of cloud top

°)

Correaltion ratios between
5x5 sub window and ideal OT
shape
(RO.64 7FA19AL714F 41x41 sub
window® OT XE¥7re 2x44
)

Spatial correlation ratio with
ideal OT shape

latitude

Correction to the difference of
value according to the variation
of the zenith angle
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OT candidate regions
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Post-processing Post-processing
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Post-processing / Output results /
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